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New Algorithm Makes CPUs 15 Times Faster
Than GPUs in Some Al Work
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GPUs are known for being significantly better than most CPUs when it comes to
Al deep neural networks (DNNs) training simply because they have more
execution units (or cores). But@ new'algorithm proposed by computer scientists
from Rice University is claimed to actually flip the tables and make CPUs a
whopping 15 times faster than some leading-edge GPUs.

The most complex compute challenges are usually solved using brute force
methods, like either throwing more hardware at them or‘inventing special-

purpose hardware that can solve the task. DNN training is without any doubt Vi * ' &h
among the most compute-intensive workloads nowadays, so if programmers de?QV 3 5 L‘DE J ‘W‘Dc QV\SC o 5” aﬂ 0 V\ MS
want maximum training performance, they use GPUs for their workloads. This

happens to a large degree because it is easier to achieve high performance using OVQV HGVJ-Wd've A CC@‘ ev¢1"ow "'or Lav c’ S s wle
compute GPUs as most algorithms are based on matrix multiplications. 'DeeP L_e'“Y “‘ “3 S\’ S€CM$ " ;V\ MLS7 5 &O &o
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